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Introduction
It’s undeniable — today, data is everything, and we have no shortage of it. Data 
is generated through countless means and from various sources. Analysts 
and data scientists in different industries utilize it to manage and understand 
business operations. But are we making the most out of what we are getting?

We have an abundance of customer data, often referred to as “the new oil”, 
that is affordable, easy, and ethical to obtain. However, just like oil, data is only 
useful if it is processed into a product that is designed with a specific purpose in 
mind. Think gasoline, jetfuel, or plastics, among others. Today, the vast majority 
of customer data is refined by BI and Machine Learning platforms to generate 
analysis products. These are typically focused on two kinds of use cases: 
description, which explains what has happened; and prediction, which forecasts 
what is likely to happen. However, there is a third, very important category of use 
cases that these approaches are not designed to support: prescription, which 
provides insight into how to improve decision-making to drive better business 
outcomes. 

Thankfully, that is set to change — with Revenue Science, businesses can 
understand the impact of marketing and sales activities on revenue and take 
action to optimize results. While most data analysis solutions are able to identify 
correlations in data, Revenue Science is built on Causal Machine Learning 
concepts, which are able to show how changes in strategy actually impact 
conversions.
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Issues in Traditional Machine 
Learning
The impact of artificial intelligence and machine learning tools is significant across lines of 
business and industries. However, the techniques typically employed in marketing and sales 
have a glaring shortcoming: they were designed to predict results rather than improve them. 
They identify correlations in data but do not estimate cause and effect.

These solutions can be used to build forward-looking models based on historical data but cannot 
provide reliable answers when the distribution of the data changes from what is seen in training 
to what is likely in production. The challenge in using historical data for decision optimization 
is that data distribution will change, by definition. This is because historical data reflects our 
existing strategies and the rules or policies that dictate what marketing or sales actions are taken 
within a given business context. Take, for example, the circumstances an account representative 
should engage with a customer via email, text, or phone call. When looking forward, we want to 
be able to relax these rules, explore alternative options for actions that can be taken, and find 
those options that improve results the most.   

The bottom line is that applying predictive ML solutions to the problem of decision optimization 
can result in highly biased, suboptimal results. This phenomenon has been well-documented 
across many use cases, including budget allocation, lead scoring, product experience, and 
customer retention.



Why
Revenue Science?
Revenue Science is focused on the optimization of 
business outcomes through the identification and 
activation of insights derived from customer data. It is 
based on two main concepts: causal machine learning 
and prescriptive analytics.
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Causal Machine Learning
Causal machine learning refers to methods that establish the cause and effect relationships 
in data rather than correlations. Because of this focus, it can be more reliable in estimating 
the effects of sales and marketing actions on revenue outcomes. Customer data gathering 
and interpretation are taken further because analysts and scientists can predict the effects of 
changing variables and challenging assumptions. Generalizations are also easier to achieve with 
causal machine learning.

Generally, there are three ways to estimate causality:

Experimentation. This entails randomly testing actions chosen to establish the cause and 
effect. It can be executed through methods such as A/B tests, multi-arm bandits (MAB), 
contextual bandits (CMAB), and reinforcement learning (RL).

Simulation. For some domains (such as physical systems and supply chains), it is possible 
to build environment simulators and then use those to test and optimize actions. In sales 
and marketing, this is usually less applicable.

Observational data. Observational data is useful when experimentation and simulation are 
not feasible or are prohibitively expensive.



Prescriptive Analytics
Prescriptive analytics leverage an underlying causal 
model to produce actionable recommendations aiding 
businesses in decision-making. In addition to providing 
forecasts or predictions, courses of action meant to 
improve outcomes are suggested. Prescriptive analytics 
is a class of tools that can be used to develop strategies, 
improve processes, and achieve KPIs.

Revenue Science is a game-changer because it focuses 
on outcomes rather than predictions. It provides 
businesses more control over their direction because 
changes in strategy can be factored in. Instead of merely 
seeing projections, marketing and sales teams can take 
clear, detailed steps to affect outcomes. Revenue Science 
applies Causal ML and Prescriptive Analytics to extend 
the value proposition of traditional revenue intelligence 
applications.
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Revenue Science applies Causal ML and Prescriptive Analytics to extend the value proposition 
of traditional revenue intelligence applications. In addition to revenue visibility and forecasting, 
Revenue Science enables better decision-making around how to allocate the three most valuable 
resources in sales and marketing:

Time. Determining where and when in the journey to invest team members’ scarce 
resources in prospect engagement is a major challenge. Revenue Science can help 
address this dilemma by providing an accurate estimate of how various engagement 
actions will effect conversions, so sales reps and BDRs can spend their time reaching 
out to persuadables, instead of sure things or lost causes. 

Budget. Marketing teams can use Revenue Science to determine which marketing 
channels are not performing as desired. Beyond scorekeeping, teams can leverage 
Revenue Science to allocate budgets across channels and campaigns optimally, 
based upon concrete business outcomes such as ARR.

Attention. The revenue operations professionals are confronted with a deluge of 
data, dashboards and KPIs — typically in the hundreds. Revenue Science algorithms 
can be deployed to proactively identify insights into measures that have a real impact 
on the business, while enabling line of business professionals to explore likely root 
causes. 



Executing Revenue 
Science 
Dealtale’s no-code platform works with organizations 
in accelerating growth through causal data science and 
prescriptive analytics. Moreover, marketing, sales, and 
operations professionals are empowered to create and 
run powerful data-driven models at the pace of business. 
With Revenue Science, teams can deliver better and 
faster results even without requiring engineering and data 
science resources. Dealtale is already tested and proven 
across over 40 high-growth organizations.



About Dealtale
Dealtale, a Vianai company, is a next-generation platform 
for driving breakthrough revenue opportunities across 
marketing, sales and product teams. Revenue Science 
leverages causal machine learning methods to enable 
revenue teams to see beyond predictions and use data to 
identify prescriptive actions that drive profitable growth.

Our mission is to empower business professionals to boost 
incremental revenue performance and deliver business 
value with deep insights.



Learn more at
www.dealtale.com
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